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[arXiv1301.3781] Efficient Estimation of Word Representations in Vector Space
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https://arxiv.org/abs/2003.09229
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Transformer BERT
http://arxiv.org/abs/1706.03762 http://arxiv.org/abs/1810.04805
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[arXiv1911] On the Relationship between Self-Attention and Convolutional Layers
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CNN / Self-attention
HHE fﬁ‘ﬁ?‘ﬂw w | wEHHAEREEH
HEATHII 5 - o | MEERIEEF

D
)

)
-

——

] ViT-L/16 - ViT-B/32 -# ResNet50x1 (BiT)
~-ViT-L/32 -* ViT-b/32 -mResNetl52x2 (BiT)

Linear 5-shot ImageNet Top )/ [%
N
-

W
)

10M ©30M 100M  300M
Number of JFT pre-training samples

[arXiv2010] An Image is Worth 16 X 16 Words: Transformers for Image Recognition at Scale
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Graph Neural Network (GNN)
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Attention Attention
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] J —_—
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Input Output
Embedding Embedding
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(shifted right)

Ahish Vaswani, Noam Shazeer, Niki Parmar, et.al. Attention is all you need. NIPS2017.
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Ahish Vaswani, Noam Shazeer, Niki Parmar, et.al. Attention is all you need. NIPS2017.
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SLARESS (Deep Learning)
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SLARESS (Deep Learning)
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SLARESS (Deep Learning)

Transformerf{fEiR

f

http://DeepLearning.ouxinyu.cn

TR

~

Output
Probabilities

Add & Norm

Feed
Forward

| Add & Norm |<

e 5
f-" Add & Norm |

Feed
Forward

Multi-Head
Attention

—

|

~

~

}}tNx

| Add & Norm |<

NX - e 0
—*{_Add & Norm Masked
Multi-Head Multi-Head
Attention Attention
1 1
] J \_ —' )
Positional D @ Positional
Encoding Encoding
Input Output
Embedding Embedding
Inputs Outputs

(shifted right)

BX#h= | ouxinyu@alumni.hust.edu.cn




SLARESS (Deep Learning)

TransformerfJ{=in
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SLARESS (Deep Learning)
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SLARESS (Deep Learning)
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SLARESS (Deep Learning)
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